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Method — Syntax level Analysis ¢

Why using Sub-words?

Frequentist-level
based on characters

1. Learn and from sub-word representations

2. Generalize to and new words (unseen at training time)



Getting Sub-words:

Byte Pair (2-gram) Encoding (BPE) Algorithm Recap:

symbol vocabulary character vocabulary

vocab={low .5 '1Tower.m2,'newest."6,'widest." 3}

most frequent 2-gram pairs (‘A’, ‘B’)
{("d", 'e"): 3,("e', 'r'): 2, ("', '0"): 7, ('wW', “.)): 5, ('w', 'e"): 8, ("e', 'W'): 6,('r", ."): 2, ('w', 'I'): 3, (e, 's"): 9, ('n', 'e'): 6, ('s', 't'): 9,(i', 'd"): 3, ('t', ."): 9, ('0', 'W'): 7}
We find ('e', 's'): 9
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num(merge operation)  minimum frequency
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